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PLACEMENT OF CELLS IN BINS TO
PROVIDE NON-OVERLAPPING
VISUALIZATION OF DATA POINTS OF A
SCATTER PLOT

BACKGROUND

Traditional scatter plots have been widely used to display
correlation between two variables (or attributes). A scatter
plot is a chart that uses Cartesian coordinates (e.g., X-axis or
y-axis coordinates) to display values for the two variables.
The data displayed in the scatter plot is a collection of points,
each having one coordinate on the horizontal axis and one on
the vertical axis. An example of a traditional scatter plot is
depicted in FIG. 1, where the horizontal axis variable repre-
sented in the example of FIG. 1 is time duration (e.g., time
length of a telephone call), and the vertical axis corresponds
to charge (e.g., dollar amount charged for the telephone call).
In the example of FIG. 1, each point in the scatter plot repre-
sents a data record of a telephone call.

Various points representing respective telephone calls are
plotted in the scatter plot of FIG. 1, where each point corre-
sponds to a particular pair of time duration value and charge
value. Generally, a relatively dense region 100 of the scatter
plot contains points that represent data records having time
duration values under 1,000 (seconds) and charge values
under $100. Note that, typically, the vast majority of tele-
phone calls are under 1,000 seconds with charges under $100.
Consequently, in the scatter plot of FIG. 1, the points in the
region 100 that share the same or almost the same time dura-
tion and charge values lay one on top of each other, which
results in occlusion of such points. Occlusion prevents a user
from seeing the true number of points in dense regions of the
scatter plot. Effectively, a traditional scatter plot can show just
a relatively small number of distinct data points, even though
there may be a much larger number of data points that the
viewer cannot see as a result of occlusion (due to overlay of
data points). Such occlusion of data points can hide the true
extent of the relationship between different variables in a
traditional scatter plot.

BRIEF DESCRIPTION OF THE DRAWINGS

The patent or application file contains at least one drawing
executed in color. Copies of this patent or patent application
publication with color drawing(s) will be provided by the
Office upon request and payment of the necessary fee.

Some embodiments of the invention are described, by way
of example, with respect to the following figures:

FIG. 1 illustrates a conventional scatter plot that depicts the
relationship between two attributes;

FIG. 2 illustrates a visualization screen that has bins con-
taining cells representing respective data points of a scatter
plot, in accordance with an embodiment;

FIG. 3 illustrates a group of cells corresponding to data
points that share identical attribute values, positioned accord-
ing to an embodiment;

FIG. 4 is a flow diagram of a process of visualizing data
points of a scatter plot, according to an embodiment; and

FIG. 5 illustrates another visualization screen that has bins
containing cells representing respective data points of a scat-
ter plot, in accordance with another embodiment;

FIG. 6 is a block diagram of an exemplary computer
including visualization software to provide visualization
screens according to some embodiments.

DETAILED DESCRIPTION

In accordance with some embodiments, a visualization
technique or mechanism is provided to allow for representa-
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2

tion of data points of a scatter plot without overlay of data
points (to provide non-overlapping visualization of data
points). The visualization technique or mechanism provides a
visualization screen that has bins, where the bins are defined
along a first dimension (or axis) by a first attribute of the data
points, and along a second dimension (or axis) by a second
attribute of the data points. A “bin” in the visualization screen
refers to a visible partition in the visualization screen that has
a first size along the first dimension and a second size along
the second dimension, where the first and second sizes are
dynamically determined based on the data points to be visu-
alized in the visualization screen. The first and second sizes of
the bins are dynamically determined according to the value
ranges of the first and second attributes, which are computed
from the incoming data points and their density distribution.

A “scatter plot” refers to either a traditional scatter plot or
a scatter plot represented with a visualization screen accord-
ing to some embodiments. A traditional scatter plot uses
Cartesian coordinates (e.g., a horizontal or x-axis and a ver-
tical or a y-axis), with data points plotted against the values of
the variables in the Cartesian coordinate system to provide the
scatter plot. On the other hand, a scatter plot that is repre-
sented by a visualization screen according to some embodi-
ments refers to a representation of data points in bins thathave
cells that represent respective data points, where overlay of
data points having the same coordinates as represented by the
cells is avoided to avoid occlusion. A “data point™ refers to a
multi-attribute data item that can have multiple attributes
assigned respective values.

In some embodiments, the bins in the visualization screen
are generally rectangular shaped, such that each bin has a
width and a height. In one embodiment, the widths of the bins
in the visualization screen are the same, while the heights of
the bins can vary. In a different embodiment, the height of the
bins can be the same, while the widths ofthe bins can vary. By
maintaining either the width or height constant across all bins,
a viewer is able to more easily detect any distributions, cor-
relations, anomalies, problems, trends, and so forth, in the
data points presented by the visualization screen.

Cells representing corresponding data points are placed in
the bins using a placement algorithm that positions the cells in
the bins according to the values of the first and second
attributes of the corresponding data points. In other words, a
data point is placed in a position of a bin in the visualization
screen according to the coordinates (x and y attribute values)
of the data point. Each bin has an array of positions that
correspond to respective pairs of x and y values (within the
range of x values and range of y values for that bin). For a
particular data point that has a first attribute (referred to as
“x”’) and a second attribute (referred to as “y”), the data point
is mapped to a corresponding position (X, y) in the bin. A cell
can be set to any particular size. For example, a cell can be as
small as a single pixel of the display device, or alternatively,
a cell can include a collection of multiple pixels. The size of
the cells is set according to the volume of data points to be
represented in the visualization screen so that all data points
can be visualized.

It is noted that cells representing data points with identical
x and y values will map to the same position in a correspond-
ing bin. In accordance with some embodiments, the place-
ment algorithm positions the cells in each bin without over-
lapping any of the cells. Cells representing data points with
identical x and y values are not placed in the same position,
but rather, are placed in distinct positions, but in close prox-
imity to each other. In some embodiments, the placement
algorithm considers the size of each bin (width x height) and
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the empty spaces between already occupied positions of the
bin to determine the best locations for cells that would other-
wise overlay existing cells.

In addition, a third attribute (coloring attribute) of the data
points is used for assigning colors or other types of visual
indicators to respective cells. The third attribute (coloring
attribute) can be the same as the first attribute or second
attribute, or alternatively, can be different from the first and
second attributes.

FIG. 2 illustrates a visualization screen 200 that depicts a
binned scatter plot that contains multiple bins 202 (delineated
by white lines in the example of FIG. 2). The horizontal
dimension or axis of the visualization screen 200 corresponds
to time duration values (of telephone calls, for example),
whereas the vertical dimension or axis of the visualization
screen 200 corresponds to charges for the telephone calls, for
example. In the example of FIG. 1, the bins 202 have the same
width, but different heights. As noted above, in a different
embodiment, bins can have the same height, but different
widths.

Each cell (representing a data point) is assigned a color
based on a coloring attribute. A color scale 210 on the right
side of the visualization screen 200 maps different colors to
the different values of the coloring attribute. In the example of
FIG. 2, the coloring attribute is the number participants in the
telephone call.

The bin 202A in the lower, left corner of the visualization
screen 200 corresponds to time duration values (x values) in
the range of 42-500 seconds, and charge values in the range of
$20-30. In other words, any data point that has an x value and
a'y value within the respective x and y ranges of the bin 202A
will be placed in this bin. The other bins in the visualization
screen 200 correspond to other ranges of attributes x and y.

The bin 202X in the upper, right corner of the visualization
screen 200 is associated with time duration values that are
relatively large, and charge values that are relatively large. In
one example, a telephone call having time duration 55 and
charge 25 will be placed as a cell inthe bin 202A. On the other
hand, a telephone call having a time duration of 10,000 sec-
onds and a charge of $5,000 will be represented as a cell in the
bin 202X.

The data points represented by the bin 202X are considered
exceptional data points, and a magnified view 206 of the cells
in the bin 202X is provided in the visualization screen 200. A
cell having x value 67.11 kand y value 9967 is also identified
in the view 206.

The bin 202A corresponds to the largest “overlay” area of
atraditional scatter plot, since the bin 202 A contains the most
data points that share identical x and y values. However,
unlike region 100 in the traditional scatter plot of FIG. 1, the
cells in the bin 202A are not overlaid over each other.

The visualization screen 200 depicts a first example appli-
cation of a technique or mechanism according to some
embodiments. For example, an operator may wish to find the
distribution of expensive telephone calls of long durations.
The bins shown in FIG. 2 allow the operator to determine that
the volume of telephone calls (bin size) decreases with time
duration of calls and increased charges.

The operator can also determine what charges (or range of
charges) are most common, and what time durations (or range
of time durations) are most common. The binned scatter plot
200 of FIG. 2 also allows the operator to correlate different
attributes of the data points—in FIG. 2, the correlated
attributes are time durations, charges, and number of partici-
pants. In this way, the operator can correlate telephone
charges with the time duration of the telephone calls and
number of participants in the telephone calls.
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Also, by analyzing cells of a certain color, the operator can
determine that high number of participants (e.g. over 500
corresponding to the red color) only appears in the long
telephone calls in bin 202X (magnified view in 206).

In FIG. 2, a group 208 of 25 cells in bin 202B is magnified.
This group of 25 cells share identical x and y values. Assum-
ing P, is the first cell placed bin 202B, then subsequent data
points sharing identical x and y values that are received will
be placed around the cell P,,. FIG. 3 shows an enlarged
version of the group 208 of 25 cells shown in FIG. 2. Cell P,
is the first cell placed in a position of the bin 202B corre-
sponding to (X, y) values of (100, 35). Subsequently received
cells sharing the same (x, y) values of (100, 35) include data
points P,,, P 5, P,,, Pss, Pis, Py, Poy, and Py, which are
placed around cell P,,. This inner group of nine cells is
identified by a dashed box 300. The cells in the dashed box
300 share identical x and y values.

The remaining cells around the dashed box 300 also share
the same x and y values, but are placed outside the box 300
because such data points were received after the data points
represented in the box 300. The placement algorithm thus
places cells that share identical x and y values on a first come,
first placed basis in nearby positions (such as within ones,
tens, or hundreds of cells) surrounding a position correspond-
ing to the particular pair of x and y values.

FIG. 4 shows a flow diagram of a visualization process
according to an embodiment. The visualization process
receives (at 402) input data points. Note that the input data
points can be received on a continual basis (e.g., in real-time)
or alternatively, the input data points can be retrieved from a
database or log file that was previously saved. The visualiza-
tion process receives input data points in “real-time” if the
visualization process updates the visualization of the data
points as new data points are received.

Based on the input data points, sizes of bins are defined (at
404). The sizes of bins are based on the ranges of x and y
values of the input data points. Also, the sizes of some bins
can be set to be different from the sizes of other bins, depend-
ing upon the number of cells within the respective bins. In
other words, a bin containing a larger number of cells will be
larger than a bin containing a smaller number of cells. The
different sizes of the bins allow a user to more easily detect
distributions of data-points in the different bins.

Also, the coloring attribute is defined (at 404). The coloring
attribute specifies the color to be assigned to a cell based on
the value of the coloring attribute.

The bins are filled (at 406) with corresponding cells. The
cells are placed (at 408) in a corresponding bin based on the
(x,y) values (the coordinates) of the respective data points. In
other words, a cell is mapped to a particular position of a
corresponding bin based on the x and y values of the corre-
sponding data point.

However, in response to detecting identical data points
(that share identical x and y values), the visualization process
does not map such identical data points to the same position in
the bin (which would result in overlay), but rather, the visu-
alization process will place (at 410) the cells representing
such identical data points in nearby locations, such as accord-
ing to the grouping depicted in FIG. 3. Note that the first data
point having a particular pair of x and y values will be mapped
exactly to the corresponding position in the bin—however,
subsequently received data points sharing the same x and y
values will be placed around this first data point (as depicted
in FIG. 3).

Placement of the cells representing the identical data points
in nearby locations considers the amount of space available
between occupied positions in a bin. The placement algo-
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rithm will place the identical data points in a larger available
space close to the first data point, if sufficient space exists. If
sufficient space does not exist, then the placement algorithm
will place the identical data points as close as possible else-
where.

The visualization process then returns to process more
input data points, or alternatively, to update the visualization
screen 200 based on receiving (at 412) user input. Note that
the binned scatter plot 200 can be interactive, such that a user
can move a pointer over a cell to display the attribute values of
the cell and other detailed information. A user can also rub-
ber-band or perform other selection with respect to a group of
cells to zoom in for further analysis.

As additional data points are received, the visualization
process can also increase the size of certain bins. Thus, the
visualization process grows bins to larger sizes as additional
data points are received.

FIG. 5 shows a visualization screen 500 according to
another example. As with the visualization screen 200
depicted in FIG. 2, multiple bins are defined to visualize cells
representing respective data points. The horizontal dimension
of the visualization screen 500 in FIG. 5 represents a first
attribute that is a number of jobs (such as jobs submitted to a
server). The vertical dimension of the visualization screen
500 corresponds to memory usage. The coloring attribute, as
represented by the color scale 502, is disk usage. With the
visualization screen 500, an operator can correlate number of
jobs with memory usage and disk usage.

An oval 504 includes bins that contain cells corresponding
to data points with high disk usage. The bins in oval 504
contain a relatively large number of data points (indicating
that the bins are in a busy area). On the other hand, an oval 506
in the visualization screen 500 includes a bin that has cells
corresponding to data points with high disk usage, but there
are a much smaller number data points in the oval 506 (which
indicates a less busy area). Another oval 508 contains cells
that exhibit other interesting disk effects. In the oval 508,
most jobs have low disk usage (green), except for two excep-
tional clusters (orange) of high disk usage.

FIG. 6 shows an example computer 604 in which visual-
ization software 600 is executable, in accordance with some
embodiments. The visualization software 600 is able to per-
form the various tasks described above. The visualization
software 600 is executed on one or more central processing
units (CPUs) 602, which is connected to a storage 610. The
storage 610 stores a database 612 that can contain input data
points to be processed by the visualization software 600.
Alternatively, the input data points can be received in real-
time over a network interface.

The computer 604 also includes a display device 606 in
which visualization screen 608 (such as the visualization
screens depicted in FIGS. 2, 3, and 5) can be presented.

Instructions of software described above (including the
visualization software 600 of FIG. 6) are loaded for execution
ona processor (such as one or more CPUs 602 in F1G. 6). The
processor includes microprocessors, microcontrollers, pro-
cessor modules or subsystems (including one or more micro-
processors or microcontrollers), or other control or comput-
ing devices. A “processor” can refer to a single component or
to plural components.

Data and instructions (of the software) are stored in respec-
tive storage devices, which are implemented as one or more
computer-readable or computer-usable storage media. The
storage media include different forms of memory including
semiconductor memory devices such as dynamic or static
random access memories (DRAMs or SRAMs), erasable and
programmable read-only memories (EPROMs), electrically
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erasable and programmable read-only memories (EE-
PROMS) and flash memories; magnetic disks such as fixed,
floppy and removable disks; other magnetic media including
tape; and optical media such as compact disks (CDs) or digital
video disks (DVDs). Note that the instructions of the software
discussed above can be provided on one computer-readable
or computer-usable storage medium, or alternatively, can be
provided on multiple computer-readable or computer-usable
storage media distributed in a large system having possibly
plural nodes. Such computer-readable or computer-usable
storage medium or media is (are) considered to be part of an
article (or article of manufacture). An article or article of
manufacture can refer to any manufactured single component
or multiple components.

In the foregoing description, numerous details are set forth
to provide an understanding of the present invention. How-
ever, it will be understood by those skilled in the art that the
present invention may be practiced without these details.
While the invention has been disclosed with respect to a
limited number of embodiments, those skilled in the art will
appreciate numerous modifications and variations therefrom.
It is intended that the appended claims cover such modifica-
tions and variations as fall within the true spirit and scope of
the invention.

What is claimed is:

1. A method executed by a computer of non-overlapping
visualization of data points of a scatter plot, comprising:

defining bins in a visualization screen, wherein the bins are

defined along a first dimension by a first attribute of the
data points, and along a second dimension by a second
attribute of the data points; and

placing cells representing corresponding data points in the

bins using a placement algorithm that positions the cells
in the bins according to values of the first and second
attributes of the corresponding data points, wherein if
the placement algorithm detects plural data points that
have identical values of the first and second attributes,
the placement algorithm groups the data points having
the identical values in nearby positions surrounding a
position corresponding to the identical values of the first
and second attributes to avoid overlay of the data points
having the identical values of the first and second
attributes.

2. The method of claim 1, further comprising:

assigning colors to the cells in the bins according to a

coloring attribute of the data points.

3. The method of claim 1, further comprising:

determining sizes of the bins based on a range of values of

the first attribute and a range of values of the second
attribute in the data points.

4. The method of claim 3, further comprising:

setting sizes of at least some of the bins to be different from

sizes of other bins depending upon numbers of cells
contained in the bins.

5. The method of claim 4, wherein the bins have equal
width and different heights.

6. The method of claim 4, wherein the bins have equal
height and different widths.

7. The method of claim 1, further comprising:

increasing a size of at least one of the bins as additional data

points are received.

8. The method of claim 1, wherein values of the first and
second attributes of corresponding data points define coordi-
nates in respective bins.

9. The method of claim 1, wherein the placement algorithm
considers spacing between occupied cells in the bins to place
additional cells corresponding to additional data points.
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10. A method executed by a computer of non-overlapping
visualization of data points of a scatter plot, comprising:

receiving the data points;
defining bins of varying sizes in a visualization screen
according to first and second attributes of the data points;

placing cells in respective bins, the cells representing cor-
responding data points, wherein a position of a particular
cell in a corresponding bin is defined by a coordinate
based on values of the first attribute and second attribute
of the data point corresponding to the particular cell;

after positioning a first cell representing a first data point in
a corresponding bin, receiving a second data point hav-
ing identical values of the first and second attributes as
the first data point; and

positioning a second cell representing the second data

point adjacent the first cell to avoid overlay of the first
and second cells.

11. The method of claim 10, further comprising:

assigning colors to the cells according to a third attribute of

the data points.

12. The method of claim 10, wherein receiving the data
points comprises receiving the data points in real time or
receiving the data points from a log file.

13. An article comprising at least one non-transitory com-
puter-readable storage medium containing instructions that
when executed by a computer cause the computer to:

receive data points;

define bins of varying sizes in a visualization screen

according to first and second attributes of the data points;
and

place cells in respective bins, the cells representing corre-

sponding data points, wherein a position of a particular
cell in a corresponding bin is defined by a coordinate
based on values of the first attribute and second attribute
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of the data point corresponding to the particular cell,
wherein placing the cells comprises using a placement
technique that detects plural data points that have iden-
tical values of the first and second attributes, the place-
ment technique grouping the data points having the
identical values in nearby positions surrounding a posi-
tion corresponding to the identical values of the first and
second attributes to avoid overlay of the data points
having the identical values of the first and second
attributes.

14. The article of claim 13, wherein the instructions when
executed cause the computer to further:

assign colors to the cells according to a third attribute of the

data points.

15. The method of claim 1, wherein the plural data points
each share a value of the first attribute and each share a value
of the second attribute, where the shared value of the first
attribute and the shared value of the second attribute map to a
given position in a corresponding bin, and wherein the place-
ment algorithm places a cell representing a first of the plural
data points at the given position, and places cells representing
others of the plural data points in the nearby positions sur-
rounding the given position.

16. The article of claim 13, wherein the plural data points
each share a value of the first attribute and each share a value
of the second attribute, where the shared value of the first
attribute and the shared value of the second attribute map to a
given position in a corresponding bin, and wherein the place-
ment technique places a cell representing a first of the plural
data points at the given position and places cells representing
others of the plural data points in the nearby positions sur-
rounding the given position.
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